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ABSTRACT: In the contemporary manufacturing sector where the production systems are running under constant 

demand and the global supply chain is based on real-time synchronization, even temporary lack of the functioning can 

lead to the serious loss of money, safety concerns, and decrease in productivity. In a bid to support mission-critical 

services like ERP (Enterprise Resource Planning), MES (Manufacturing Execution Systems), and SCADA 

(Supervisory Control and Data Acquisition), manufacturers are starting to use proactive failover and automation 

systems that extend beyond disaster recovery. This paper discusses the effect of predictive orchestration and 

automation-based resilience on the design of industrial IT systems to guarantee uninterrupted workflow of important 

processes. 

 

The suggested structure combines real-time monitoring, automatic failover process coordination, and predictive 

analytics to identify abnormalities and initiate recovery measures before it fails. In comparison to the conventional 

failover plans, which react after a failure, proactive failover implements use machine learning knowledge, sensor 

information, and edge computing to predict possible system degradation. This will reduce the Mean Time to Recovery 

(MTTR), minimize production downtimes and protect the integrity of data over distributed industrial networks. 

 

Using the lessons learned in the manufacturing industry, the paper establishes success factors in implementing 

automation-based continuity frameworks, including modular architecture design, multi-layered failover integration, and 

adaptive governance controls based on international standards, such as ISO 22301 and IEC 62443. The results indicate 

that active failovers not only positively affect technical reliability and operational agility but also bring quantifiable 

business benefits, such as reduced maintenance expenses, enhanced compliance, and long-lasting customer trust. 

Finally, this paper places proactive failover as a strategic foundation of Industry 4.0 resilience, reconsidering 

manufacturing continuity as a proactive prevention approach rather than a reactive recovery strategy and an intelligent 

automation. 
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Continuity, Predictive Recovery Frameworks, Edge-Orchestrated High Availability, Autonomous Infrastructure 

Management 

 

I. INTRODUCTION 

 

The industrial manufacturing sector has reached a stage of digital addiction never seen before with twenty-four-hour 

availability and system survivability not only requirements of operation but also business necessity. As Industry 4.0 is 

gaining acceleration, information technology (IT) and operational technology (OT) integration have rendered 

production systems, supply chain management, and real-time analytics inseparable of the reliability of digital 

infrastructure. Consequently, the capacity to prevent, foretell and recuperate breakdowns of systems has turned into the 

keys to avoiding competitive advantage, compliance, and consumer confidence. In this regard, proactive failover and 

automation systems are reinterpreting how manufacturers maintain mission-critical functions through the 

transformation of resilience activities to reactivity through resilience into proactive orchestration. 

 

Production of Digital Transformation and System Dependency 

Digitization of the manufacturing process that is defined by the integration of IoT sensors, edge computing, AI-based 

process diagnostics, and cloud-integrated ERP/MES systems has made the reliance on continuous data and system 
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access extremely high. The manual intervention models that were traditionally used can no longer be viable in an 

environment where even a few seconds of an outage can bring the entire line of the production process to a standstill. 

The contemporary factories can be considered as cyber-physical ecosystems where machines, robotics, and enterprise 

systems communicate with each other on continuous streams of information. Integration establishes high efficiency but 

at the same time increases vulnerability: a failure in one subsystem may have a ripple effect throughout the entire value 

chain of operation. In turn, resilience has become a virtual performance measure, which is gauged by uptime, recovery 

time, and data continuity. The modern manufacturing business, then, has to build resiliency into its own structure at the 

very outset, at the level of automation, such as proactive failover, not an ex-post facto. 

 

The Downtime Cost in the manufacturing industry 

Among the costliest manufacturing risks is downtime. Research conducted by major industrial analytics companies 

suggests that unexpected outage may cost between 10,000 and 250,000 dollars in an hour, based on the extent of 

production and the importance of the operations. Downtime can ruin supply contracts, distribution schedules and 

penalties are devastating in high volume industries like automotive, semiconductor or chemical manufacturing. 

In addition to financial losses, downtime corrosion of operational trust and life of assets, unscheduled maintenance has 

to be done and equipment to wear out. Strategically, downtime also reduces customer trust and brand dependability, 

especially in just in time manufacturing systems where quality and timeliness are the key determinants of competitive 

edge. Therefore, uptime management has ceased to be a maintenance concern but a business strategy that needs to be 

enhanced in terms of automated integration and predictive control. 

 

The Change in Reactive Recovery to Proactive Failover 

Conventional resilience approaches have been more of a reactive approach based on disaster recovery (DR) or manual 

failover mechanisms which may only become active when a failure has taken place. Nevertheless, these approaches are 

not able to provide the fast recovery needs of interdependent industrial processes. In comparison, proactive failover 

uses predictive analytics, autonomous orchestration, and machine learning to detect degradation patterns, isolate 

possible points of failure, and take preemptive switching before it goes bad. 

 

This paradigm shift would turn the management of downtime into an activity that occurred after the incident has 

happened into a continuously adaptive one. Proactive models are based on real-time observability of IT and OT layers, 

i.e., tracking workloads on MES, SCADA and edge networks, to initiate early interventions. Because of this, the 

manufacturers gain smaller Mean Time to Recovery (MTTR), data consistency, and continuity in production and this is 

a very important evolution in business continuity management. 

 

Scope and Objectives of the Study 

The paper is devoted to the usage and the role of proactive failover and automation systems in the context of 

manufacturing activities with high demands. It looks at the role of automation, predictive orchestration and failover 

intelligence in the enhancement of uptime, data resilience and regulatory compliance. Based on the composite 

understanding of the world manufacturing conditions, the research presents the most important principles of 

architecture, quantifiable advantages, and management issues related to the deployment of proactive failover systems. 

The goal is to demonstrate how through the harmonization of automation, data intelligence and resilience governance, 

manufacturing organizations will be able to evolve the role of failover management towards preventive orchestration 

rather than its correction and in the process develop agile and self-sustaining production systems capable of supporting 

the ongoing needs of the industry 4.0. 

 

II. THE PREREQUISITES OF PROACTIVE FAILOVER AND AUTOMATION FRAMEWORKS. 

 

Proactive failovers are based on the principle of changing the capacity to be resilient to reactive corrective action to a 

preventive and predictive automation science. In contrast to the conventional disaster recovery, which reacts to a failure 

after it strikes, proactive failover predicts on the fly the degradation of a system and automatically reacts by triggering 

pretested recovery procedures before operations have been affected. This is a strategic shift to autonomous resilience in 

manufacturing, where uptime is directly proportional to production throughput, quality and safety. 

 

The creation of these systems incorporates predictive analytics, machine learning algorithms, real-time telemetry, and 

automated coordination layers as well as the ability to make independent decisions based on specified policies. This 
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new industrial continuity paradigm is described by conceptual, architectural, and operational pillars as described below 

in subsections. 

 

Proactive Failover Concept and Architecture 

Proactive failovers are essentially different in design and intent as compared to reactive recovery. Reactive recovery is 

an event-based one- it depends on the system interruption signals and only then will it start the restoration, which will 

result in downtime that can be in minutes or hours. Conversely, proactive failovers are condition-based and are based 

on predictive triggers on the basis of telemetry analysis, anomaly detection and trend forecasting. 

 

Its design is based on four major layers: 

Monitoring Layer - collects live performance information of sensors, virtual machines and industrial controllers. 

Analytics Layer - handles data with machine learning models to identify anomalies or signs of early failures. 

Decision Layer - checks the presence or absence of an anomaly within the predicted result and based on a preset risk 

threshold decides to activate the failover. 

Execution Layer - automatically moves workloads or processes to standby nodes with the least amount of latency. 

This layered design turns failover into an ongoing self-check system and forms a closed-feedback loop that enables 

manufacturing systems to stay in production without any human intervention. Proactive failover is the nervous system 

of digital manufacturing resilience by integrating observability and automation. 

 

Framework Components of automation 

An active failover requires a unifying automation platform that integrates sensors, coordination components, and smart 

control code. 

 Sensors and Edge Data Collectors: These types of sensors are embedded in machines, and they are used to 

measure temperature, vibration, voltage, and throughput to identify when mechanical or network degradation 

is occurring. 

 Orchestration Layers: These manage failover operations across compute clusters, including transfer of 

workloads, process replication and synchronization of state between primary and backup systems. These 

layers are usually based on technologies like Kubernetes, Terraform, and Ansible. 

 Decision Logic Engines: Tapping into real-time analytics, these engines can look at operational metrics, 

including CPU load, response latency, or device vibration frequency, and decide when to start preventive 

switchovers. 

 Feedback and Learning Modules: Predictive accuracy is enhanced as time progresses, through the data of 

past failure events developed into adaptive resilience models. 

 

This modular architecture is scalable and vendor independent and enables manufacturers to expand automation to a 

wide variety of environments on-premises, hybrid cloud, and edge networks without having to redesign the system. 

 

Table 1: Comparison Between Reactive and Proactive Failover Mechanisms in Industrial Environments 

 

Criteria Reactive Failover Proactive Failover 

Trigger Mechanism Event-based (initiates after failure) Predictive analytics and anomaly detection 

Downtime Impact Measured in minutes or hours Near-zero downtime through preemptive switching 

Human Intervention Manual or semi-automated Fully automated with minimal oversight 

Data Integrity Risk of partial loss during transition Continuous replication ensures full integrity 

System Awareness Limited to post-failure diagnostics Continuous health monitoring and self-healing 

Adaptability Static configurations Dynamic and learning-based 

Operational Outcome Recovery after disruption Prevention of disruption before impact 

 

Cross-manufacturing IT Layers Integration. 

Proactive failover cannot be effective without a smooth integration of different layers of manufacturing IT that span 

enterprise systems (ERP), production execution (MES), and operational control (SCADA/edge). The layers have 

distinct telemetry information and resiliency demands that these layers need to coordinate in the failover system. 

 ERP Layer: Business processes, schedule orders and plan resources are the key elements of the business 

layer; during outage, transactional continuity and data integrity is guaranteed by the use of a failover. 
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 MES Layer: Synchronizes real-time production implementation; proactive failover reduces line stoppage and 

maintains quality control information. 

 Edge/SCADA Layer: Manages physical equipment and sensor-feedback; latency-sensitive automation makes 

it possible to recover almost instantly following localized equipment failures. 

 

The multi-layer alignment enables the presence of holistic resiliency so that the enterprise data, operational commands 

and machine-level control are in touch even in a state of disruption. It is the epitome of IT-OT convergence in Industry 

4.0 A single resilience fabric that functions at all levels of digital manufacturing. 

 
 

Figure 1: Proactive Failover Architecture in Manufacturing IT Ecosystems 

 

III. MISSION-CRITICAL WORKLOADS OF THE MANUFACTURING INDUSTRY. 

 

The manufacturing industry is one in which performance, safety and uptime are highly mandated. The lines of 

production, robotics systems, and supply chain execution are based on a chain of connected workloads that become the 

backbone of modern industrial activity. Any outage in systems, be it in planning, monitoring, or control can lead to 

production stops, loss of finance or accidents. 

 

With the further adoption of Industry 4.0 by manufacturers, their digital spheres grow more digital in terms of the 

integration of enterprise IT systems (ERP, MES) with operational technology (OT) systems (SCADA, edge 

controllers). This has increased the pressure on on-demand availability and resilient infrastructure, which can undergo 

proactive failovers. 

 

The subsections below elaborate on the key workload subsets that must be highly available and the architectural 

implication of safeguarding them by using resilience frameworks based on automation. 

 

ERP and MES Systems 

Enterprise Resource Planning (ERP) and Manufacturing Execution Systems (MES) are the digital manufacturing 

strategic and operational cores. 
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ERP systems, which are usually SAP, Oracle or Microsoft Dynamics, control procurement, logistics, scheduling, and 

financial accounting, Instead, MES platforms touch the operational layer, to convert the schedules created by ERP into 

machine-level commands, to track the production orders and to control the real-time performance. 

 

An ERP or MES system failure may stop the visibility of production, interrupt order fulfillment, and cause a chain 

reaction of inefficiencies throughout the value chain. Considering, the loss of MES connection to even 10-15 minutes 

will disrupt the production tracking, leading to the wastage of materials and rework. 

 

Proactive failover systems address this by monitoring transaction load, process queue latency, or database response 

time anomalies proactively, i.e. before they happen by migrating or replicating workloads to newly started backup 

nodes. 

This predictive protection allows manufacturers to have continuous production scheduling, and reporting accuracy 

which helps to reduce the effect on operations in the event of anomalies in the infrastructure. 

 

SCADA and Edge Control System 

The real-time running of manufacturing devices, robotics and safety systems are controlled by Supervisory Control and 

Data Acquisition (SCADA) systems and edge controllers. These platforms regulate the variables of pressure, 

temperature, and speed of the motor, as well as simultaneously monitor the information of the sensors at the locations 

of industrial assets. 

 

Since SCADA systems are directly involved affecting safety-critical processes, failures in this layer do not only lead to 

loss of production but also jeopardize safety and damage equipment. These latency sensitive environments do not 

support traditional disaster recovery (DR) techniques that use manual failover or delayed synchronization. 

 

The proactive failover model provides smooth continuity through a continuous tracking of signal drift, network jitter 

and PLC (Programmable Logic Controller) communication delays. When the anomalies exceed permissible levels, the 

system will trigger an immediate switch to a redundant controller and control signal integrity and stability of the 

process will be preserved. 

 

This automated system of protection is important particularly in those faculties handling dangerous materials, high-

speed robots, or delicate assembly, where milliseconds of control faithfulness dictate the safety and efficiency of 

operations and final manufacture. 

 

Data synchronization Problems 

Data consistency and synchronization across the distributed manufacturing environments have been one of the most 

critical technical issues in the implementation of the failover systems. 

 

Manufacturing data streams continuously in one direction, out of the edge (sensors and PLCs) to the control level 

(SCADA), to the enterprise level (MES and ERP). Any latency, packet drops or packet repetition between layers may 

cause mismatched system states, which undermine the accuracy of production trace and analytics. 

 

Proactive failover systems deal with this by integrating real time data replication and buffer control systems. As an 

example, delta synchronization is used to make sure that only altered blocks of data are reflected and it uses less 

bandwidth with optimal accuracy. 

 

Moreover, time-stamped checkpointing, which is combined with predictive monitoring, enables secondary nodes to 

restart the operation with an exact consistent state of the last known consistent state, reducing the recovery gaps. 

Further implementations even perform AI-scale latency prediction with dynamic prioritization of synchronization 

queues, which give mission-critical datasets (e.g. quality control or batch records) higher priority in replication at the 

time of congestion. 

 

Risk Assessment and Vulnerability Mapping. 

Obsolete manufacturing systems can also have heterogeneous designs that comprise old PLCs, on-premises servers, 

and inappropriate communication protocols. These generate areas of vulnerability- areas where it is easy to monitor and 

where redundancy is minimal and manual efforts are in charge of recovery activities. 
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Risk assessment in these environments is done with consideration of the likelihood and effect of the downtime across 

the workloads and is done with the help of a multi-factor matrix that is determined on the basis of system criticality, 

dependency chain and tolerance of the effect of failure. 

 

Mapping can be used to deploy failover in locations where the organization is most susceptible to operational costs like 

the MES-SCADA integration gateways or database clusters that provide production dashboards. 

 

The automation policies that can be overlaid on proactive frameworks can be specific to each vulnerability category 

and gradually turn the current static legacy systems into self-monitoring, self-recovering digital ecosystems. 

 

This systematic solution eventually transforms risk intelligence into operational resilience, which is in line with the ISO 

22301 (Business Continuity) and IEC 62443 (Industrial Cybersecurity) standards. 

 

Table 2: Manufacturing System Layers and Corresponding Failover Priorities 

 

Manufacturing 

Layer 

Core Systems/Functions Criticality 

Level 

Primary Failover Objective Recommended 

Recovery Time (RTO) 

Enterprise (ERP) Planning, procurement, 

financials 

High Maintain transactional 

integrity and business 

continuity 

< 15 minutes 

Operations 

(MES) 

Scheduling, order 

execution, quality tracking 

Very High Sustain process flow and 

traceability 

< 5 minutes 

Control 

(SCADA) 

Machine control, process 

monitoring 

Critical Ensure real-time process 

control and safety 

< 1 minute 

Edge/Device Sensors, PLCs, robotics Critical Maintain signal continuity 

and prevent safety incidents 

< 1 second 

Analytics Layer Data aggregation, AI 

optimization 

Medium Preserve historical and 

predictive insights 

< 30 minutes 

 

IV. CASE STUDY: GLOBAL MANUFACTURING ENTERPRISE IMPLEMENTATION. 

 

This part is a fictitious yet realistic case study of a large-scale manufacturing company that switched its old recovery 

infrastructure to a proactive failover and automation-based resiliency architecture. The business, which is known as 

Global Tech Manufacturing Ltd., is based in North America, Europe, and Southeast Asia, and has multiple 

interdependencies between ERP, MES, SCADA, and edge systems. 

 

Prior to the transformation process, Global Tech encountered frequent cases of downtimes that interrupted its large 

mass production processes and supply chain harmonization. The organization gained significant reduction in recovery 

time, and operational losses through an integrated automation initiative with application of proactive failover system to 

the industry 4.0 environment. 

 

Background of Enterprise and Legacy Set-Up  

Global Tech Manufacturing Ltd. is a company that deals with precision parts in autos and works 24/7 factories that are 

located on three continents. The IT-OT infrastructure of the company was traditionally centralized with the on-premises 

data centers and manual recovery strategy. 

 

All plants had a separate failover server; however, the sites were not synchronized with each other, which lead to the 

fragmentation of data and slow recovery. The Recovery Time Objective (RTO) was 45 minutes on average, and the 

Recovery Point Objective (RPO) was greater than 20 minutes, both of which are intolerable in the case of just-in-time 

manufacturing processes. 

 

The constant interruption of the MES system caused the unplanned pause of production, and the lack of predictive 

monitoring did not allow noticing the anomalies in the use of hardware and network slowness in time. Besides, the 
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business organization was facing the problem of legacy programmable logic controllers (PLCs) that did not provide 

automated redundancy, which further enhanced reliance on manual intervention in case of outages. 

 

Following these gaps, the Global Tech management has embarked on a three-year resilience transformation program, 

which aims at achieving zero unscheduled downtime by automating, predicting intelligence, and orchestrating multi-

layer failover. 

 

Implementation Process – Design to Deployment 

Its implementation was carried out in four phased stages: 

It includes (1) Assessment and Design, (2) Preparation of infrastructure, (3) Automation Integration and (4) Scaling and 

validation. 

 Assessment & Design: 

The company conducted a detailed audit on the dependencies between the ERP and MES and SCADA and device 

layers. This test involved risk mapping, single points of failure, and optimum failover triggers. 

 Infrastructure Preparation: 

Hybrid nodes between regional data centers were created. Containerized workloads were added to the edge 

computing gateways so that the deployment policies could be similar. 

 Automation Integration: 

The engine of a central orchestration-based IaC templates on which it was built was linked to the predictive 

monitoring systems that were driven by AI-based anomaly detection. This system was automatic in identifying 

signal degradation, transaction bottlenecks or temperature changes in industrial controllers. 

 Validation & Scaling: 

Those were monthly test-based failover simulations. After acceptance, the system was scaled to the enterprise  

level, and the standard operating procedures (SOPs) were updated with proactive intervention procedures. 

 

This form of step-by-step introduction ensured that only a little disturbance was caused, and the overall resilience 

maturity of the enterprise was gradually enhanced 

 

Workflow and monitoring Automation 

The core of the new system was a predictive orchestration framework that incorporated monitoring, event correlation 

and initiation of a failover. The monitoring infrastructure continuously obtained telemetry metrics of factory systems 

(CPU usage, I/O latency, temperature limits, transaction times) at each and every tier (ERP - MES - SCADA - Edge). 

When anomalies were detected to exceed pre-set thresholds, the automation engine began a graceful failover process, 

which included: 

 

I. Pre-Failover Check: Checks of health of system on standby nodes. 

II. Predictive Snapshot Synchronization: This is a replication of live data between the primary and secondary 

systems. 

III. Automated Switch Activation: redirecting applications and turning on the controller in the span of a few seconds. 

IV. Post-Failover Integrity Check: Checking the accuracy of the data and the restoration of synchronized operations. 

Moreover, dashboards enabled administrators to have real-time visibility that included failover preparedness, recovery 

time, and SLA compliance statistics. The combination with the enterprise governance console also enabled auditors to 

track all automated recovery measures, which improved the transparency of compliance. 
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Figure 2: Predictive Orchestration and Automation Flow for Mission-Critical Workloads 

 

Measured Results and Results observed. 

After complete deployment, Global Tech Manufacturing had significant gains in system availability, operational 

stability and data consistency in its plants. 

 

The implementation of proactive failover also significantly minimized the RTO and RPO thereby providing assurance 

that even the critical loads like the MES and SCADA could not be affected by the anomalies. 

KPIs that were documented during an observation period of 12 months showed the following: 

 Reduction in 45 minutes to less than 3 minutes RTO. 

 Reduction of RPO by 30 seconds. 

 Unplanned downtimes were reduced by 92 percent. 

 The output of production improved by 8.5% because of better availability of systems. 

 Ready with compliance audit saves 60 percent of the manual time of reporting. 

 

Also, there was cross-functional co-operation between IT and operations departments as there was an automated 

environment. The maintenance engineers were now concentrated on predictive information instead of manual recovery, 

which is consistent with the operations of the company in terms of ISO 22301 (Business Continuity) and ISO 95 

(Manufacturing Integration) standards. 

 

Table 3: Stages of Proactive Failover Deployment and Associated Metrics 

 

Deployment 

Stage 

Key Activities Core Tools/Technologies Primary Outcomes Quantitative 

Metrics 

1. Assessment & 

Design 

Risk mapping, 

dependency modeling 

ERP-MES audit tools, 

failure simulation 

Identified critical 

dependencies and SLAs 

Baseline RTO: 45 

min, RPO: 20 min 

2. Infrastructure 

Preparation 

Hybrid node setup, 

edge upgrade 

Container orchestration, 

virtualization 

Enabled cross-site data 

replication 

Network uptime: 

+15% 

3. Automation 

Integration 

Predictive 

monitoring, 

orchestration 

scripting 

Terraform, AI-based 

anomaly detection 

Auto-triggered failover, 

data synchronization 

RTO: ↓ to 5 min, 

RPO: ↓ to 1 min 

4. Validation & 

Scaling 

Testing, training, 

governance 

integration 

SLA dashboards, version 

control 

Enterprise-wide rollout, 

compliance assurance 

Final RTO: <3 

min, RPO: <30 sec 
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V. TECHNICAL AND STRATEGIC ADVANTAGES 

 

The implementation of proactive failover and automation systems in manufacturing organizations has led to the 

realization of real technical, operational and strategic advantages. With the help of predictive monitoring, real-time 

orchestration, and self-healing systems, manufacturing organizations can have continuous operation during component 

failures or network degradation. In this section, the researcher will analyze the quantifiable benefits that have been 

witnessed in five key areas, namely, operational continuity, predictive efficiency, compliance, financial returns, and 

strategic market perception. 

 

Continuity of Operation and Uptime Benefits 

Anticipatory failure mechanisms transform the continuity of operations within the manufacturing industry. In contrast 

to reactive versions of disaster recovery models, which react to a disaster after it has been caused, proactive models 

detect risk signs e.g. a temperature spike, latency threshold, or CPU overuse before a service outage has taken place. 

This anticipatory mode makes the mission-critical workloads such as the ERP, MES, and SCADA systems have 

continuous availability. When compared to the pilot manufacturing plants, the redundancy of clusters, AI-based 

anomaly detection, and automated load balancing have enhanced uptime by increasing it by 99.3 to 99.98 percent. 

Moreover, predictive orchestration allows seamless switches between the primary and the secondary systems without 

stopping production or involving the human factor. This technical breakthrough guarantees not just machine-level 

reliability but also business processes that are interrelated including procurement, logistics and quality assurance- all of 

which are greatly reliant on the ability of real-time systems to synchronize with each other. 

 

Decreased Recovery Time and Predictive Efficiency 

In the manufacturing industry, a minute of downtime is directly correlated into a decrease in production, wastage of 

resources, and penalties of contracts. Conventional DR (Disaster Recovery) models are manual which means they add 

latencies in decision making and failover processes. However, proactive failover models evolved in a manner that 

recovery is automated in response to predefined triggers and data-driven decision logic. 

 

The subsequent decrease in Mean Time to Recovery (MTTR) is substantial. In the case under analysis, recovery time 

reduced to less than 3 minutes, which became shorter by more than 93. This has been enhanced by real time snapshots 

synchronization and self-checking automation pipelines to ensure that besides providing quick recovery, the systems 

also ensure the accuracy of the data and the integrity of transactions. 

 

Predictive efficiency will also allow timely detection of inconsistencies in patterns in equipment telemetry and software 

logs. Machine learning functionality within the system takes seemingly unrelated events like network jitter and 

database lag and forecasts the likelihood of failure. This smart prediction enables manufacturing departments to start 

pre-failover migrations under control so that there is no production halt. 

 

Regulatory Compliance and Auditor Transparency 

The manufacturing enterprises are subjected to rigid regulatory guidelines which require their relentless transparency of 

data and responsibility for their operations. The ISO 22301 (Business Continuity Management), ISA/IEC 62443 

(Industrial Security), and GDPR standards demand that the resilience of the system should be demonstrable and 

auditable. 

 

These are the direct objectives of proactive failover automation. Immutable audit trails store automated logs, 

configuration states, and failover transactions; these ease the compliance review process and minimize the quantity of 

manual reporting. Global Tech saved 60 percent of the time it used to spend on compliance documentation in the 

deployment, allowing it to invest in more valuable projects. 

 

Also, snapshot automation provides recoverable and time-stamped data points in a traceable format, which is essential 

in forensic investigation and verification of post-incident. Integrated with role-based access controls (RBAC) and zero-

trust security models, they become a complete end-to-end solution that addresses the IT and OT governance 

requirements. On the part of an auditor, proactive systems will substitute the reactive explanations (why the system 

failed) with the predictive evidence (why failure was avoided). Not only does this paradigm shift increase transparency, 

but it improves regulatory confidence in the resilience posture in the organization. 

 



   International Journal of Research and Applied Innovations (IJRAI)       

                                | ISSN: 2455-1864 | www.ijrai.com | editor@ijrai.com | A Bimonthly, Scholarly and Peer-Reviewed Journal | 

     ||Volume 6, Issue 1, January-February 2023|| 

      DOI:10.15662/IJRAI.2023.0601004 

IJRAI©2023                                                             |     An ISO 9001:2008 Certified Journal   |                                                  8288 

     

 

Financial and Productiveness Enhancement 

The economic cost of an unplanned manufacturing downtime is simply astounding--the industry averages indicate up to 

260,000 assets per hour. The proactive automation model will deal with this problem by reducing the number and the 

amount of time for outages. 

 

The operational information of the Global Tech case demonstrated that the downtime was reduced by 92 percent, and 

the overall productivity was increased by 8.5 percent after the complete implementation of proactive failover systems. 

This was equivalent to savings of estimated 7.8 million a year across the global sites of production. 

 

The architecture brought about by automation also turned the cost structure of the company into CAPEX intensive 

(redundancy of hardware, physical servers) to OPEX-optimized (software orchestration and predictive analytics). This 

modification enhanced financial predictability with a guarantee of scale elasticity in periods of production spurts. 

In addition, predictive failure also plays an indirect role in the workforce efficiency. The maintenance teams will be 

able to work on optimization as compared to firefighting which imposes less strain on operations and lowers human 

error. This will eventually result in a more responsive and innovative-capable manufacturing environment which plays 

to Industry 4.0 maturity objectives. 

 

At the tactical level, the strategy denotes the organization's capacity to position itself strategically in the marketplace. 

 

Strategic Positioning and Customer Confidence 
In addition to the operational and financial indicators, proactive failover improves the strategic market position of the 

manufacturer. System uptime care has become a reputational asset in cases where supply chain reliability and accuracy 

of delivery is a competitive differentiator. 

 

The steady uptime of Global Tech of 99.98% enabled the company to establish itself as a resilience-first manufacturer, 

which is attractive to the OEM partners and high-value customers who need guarantees of uninterrupted service. Also, 

the transparent reports on failovers and recovery were good pieces of evidence in the contract negotiations and 

renewing SLA, and made the client trust the enterprise more in terms of its digital stability. 

 

Strategically, the overlapping of automation, resilience, and compliance characterizes a novel manufacturing excellence 

standard. Those enterprises that invest in predictive failover structures are not simply executing risk reduction, they are 

developing competitive advantage based on enduring operational reliability, quick recovery guarantees and extended 

digital reliability. 

 

Table 4: Before-and-After Comparison of Manufacturing Downtime, Output, and SLA Adherence 

 

Key Metric Before 

Implementation 

After 

Implementation 

Improvement 

(%) 

Business Impact 

System Uptime 99.3% 99.98% +0.68 Near-zero downtime across 

global plants 

Average 

Downtime/Month 

420 minutes 34 minutes -91.9% Reduced production 

stoppages 

Mean Time to Recovery 

(MTTR) 

45 minutes 3 minutes -93% Predictive automation 

recovery 

Recovery Point Objective 

(RPO) 

20 minutes 30 seconds -97.5% Enhanced data 

synchronization 

Production Throughput Baseline 100% 108.5% +8.5% Improved utilization of 

assets 

Audit and Compliance 

Time 

25 hours/month 10 hours/month -60% Streamlined reporting 

Customer SLA 

Adherence 

94% 99.6% +5.6 Strengthened market 

reliability 
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VI. PROACTIVE AUTOMATION OF GOVERNANCE, RISK AND COMPLIANCE 

 

Innovative failover and automation processes are established and maintained with governance, risk, and compliance 

(GRC) in the essential management of manufacturing environments that are critical to the mission. Since the 

automation and predictive orchestration develop as a key factor in operational resilience, the integration of such 

systems into international industrial standards has become an uncompromising issue in enterprise management. This 

part explains how proactive failover can be integrated into the existing frameworks like ISO 22301, IEC 62443 and 

NIST SP 800-82, and the approaches of using predictive analytics, access control and audit traceability to enhance 

compliance and reduce the operational risk. 

 

ISO 22301 and Standards of Industrial Resilience 

The ISO 22301:2019 Business Continuity Management System (BCMS) standard offers the backbone system of the 

assurance of ongoing operation following the disruption. In manufacturing ecosystems, the proactive failover 

mechanisms can be used to complement ISO 22301 and make the continuity planning into a proactive operational 

discipline 

 

Conventional BCMS models are based on the documented recovery processes activated after an incident, and in most 

cases, with the use of manual interventions. In comparison, proactive automation instills continuity as part of the 

system architecture. Predictive monitoring sensors and orchestration processes detect failure precursors, i.e. network 

anomalies or hardware degradation or latency deviations, automatically and take validated recovery measures before 

disruption can take place. 

 

This automation does not only comply with the fundamental principles of preventive readiness and risk-based planning 

required in ISO 22301, but it also realizes them on the system level. Besides this, proactive failover also facilitates the 

IEC 62443 (Industrial Automation and Control Systems Security) through the introduction of layered redundancy, 

secure communications, and zero-trust device authentication. Collectively, these frameworks will ensure resilience not 

just in IT infrastructure but also in Operational Technology (OT) areas, where production continuity is also a mission-

critical factor. 

 

With a harmonization of these standards, manufacturing enterprises will have the ability to prove verifiable compliance, 

enhance cross-border audit preparedness, and have a consistent resilience standard across various facilities and through 

regulatory jurisdictions. 

 

Predictive Analytics and RBAC as Risk Mitigation 

One of the most important contributions of proactive automation frameworks is predictive risk management- the 

possibility to detect and counter the possible failures even before they transform into incidents. Proactive failover 

architectures have predictive analytics engines that constantly observe telemetry data of ERP, MES, and SCADA 

layers, and processes machine learning algorithms to detect patterns that point to the development of risks. 

 

An example is unimaginable vibration measurements of the robotic arms or slow rise of network delays between the 

data nodes which can cause preemptive sending or receiving of loads or automatic modification of the processes. This 

smart monitoring system will minimize operational risk and safety-based risks which are usually prevalent in the 

production facilities where there is a strict alignment between the digital control systems and physical equipment. 

Role-Based Access Control (RBAC) is also important to the mitigation of risks. With very automated failover 

environments, it is essential to make sure that all actions (both manual and automated) are authenticated and authorized 

to prevent insider abuse or cyber exploitation. RBAC limits privileges to functional roles, hence reducing the risks of 

unauthorized configuration modification or failover event. 

 

Besides, segregation of duties (SoD) provides system administrators, compliance officers, and automation engineers 

with clear boundaries. Predictive analytics and RBAC can be combined to create a two-layer defensive: analytics 

eliminates operational risk, while RBAC eliminates human and cyber risk. Collectively, they offer an integrated system 

of governance that is aligned with NIST SP 800-82 and current cybersecurity models that are planned to safeguard 

critical infrastructure. 
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Auditability and traceable automation are used to aid in determining the reliability of the program developed. 

 

Auditability and Traceable Automation is used to help ascertain the reliability of the developed program. 

One of the characteristics of contemporary compliance standards is the possibilities to prove the traceability-a clear and 

the chronological order of all the activities of the systems, configurations and the events of the failovers. This 

requirement is inherently supported by proactive failover frameworks based on automated logging, immutable event 

tracing and versioned configuration states. 

 

In contrast to the traditional systems, where events reporting is based on the manual reconstruction of the events post-

incident, in proactive automation, machine-verifiable audit trails are generated constantly. Every event (a predictive 

alert, automated switch-over, or update of some configuration) is stamped, cryptographically signed, and archived in 

secure log repositories. This provides non-repudiation, which enables the auditors and the governance segments to 

make the re-creation of the actual sequence of actions during reviews or compliance audits. 

 

Traceability is also made by the use of infrastructure-as-code (IaC) tools like Terraform. Each infrastructure change, 

failover architecture or recovery script is a versioned reviewable artifact that gives complete visibility to the person 

who made a given change and when they did it. This traceable automation concept supersedes the disintegrated paper 

audits with computer validated accountability, saves on audit preparation time and improves transparency. 

 

Traceability also enhances accountability and organizational trust as regards to governance. Audit logs which are 

automated offer verifiable evidence of compliance with internal controls and external audits like the SOX (Sarbanes-

Oxley Act) and the GDPR. Additionally, they provide real-time compliance dashboards, which visualize the health of 

the system, the risk status, and the failover preparedness, and turn the compliance into a regular workout to an ongoing 

assurance feature. 

 

Synthesis of Section 6 

To conclude, the adoption of proactive failover and automation systems in the realm of manufacturing processes is a 

paradigm shift in terms of governance and compliance management. Manufacturers can start thinking beyond reactive 

auditing of the operations to the self-reporting governance ecosystem by integrating ISO 22301-compliant resiliency, 

predictive risk analytics, and traceable automation into their operational foundation. 

 

The given alignment alleviates both the technical and organizational risk and supports the resilience of the automation 

with the help of which it is safe, traceable, and aligned with international standards of manufacturing. With the ongoing 

development of industries towards Industry 4.0, the next stage of trust in digital continuity will be proactive 

governance. 

 

VII. LEARNINGS AND INDUSTRY BEST PRACTICES. 

 

The lessons learned in the implementation of proactive failover and automation systems in mission-critical 

manufacturing systems have proven to be quite insightful and related to technological implementation. These teachings 

highlight the role of strategic planning, cultural adaptation and lifelong learning in maintaining resilient digital 

infrastructures. Over various deployments and case scenarios that have been observed, it is clear that resilience is not 

just a matter of technological sophistication but also the maturity of an organization, its alignment to governance and 

the willingness of its personnel. 

 

In this part, the key lessons have been condensed, and the industry’s best practices have been given that can be used to 

achieve the successful adoption of automation-based failover models in various manufacturing settings. 

 

Automation-Driven Resilience Key Success Factors 

The best proactive implementations of failover are marked by a number of common features namely, standardization, 

modularity, interoperability and predictive intelligence. All these success factors guarantee that resilience is 

incorporated both in the design of infrastructure and in the daily operations. 

 

Firstly, it is essential to standardize the workflows of failover of systems like ERP, MES, and SCADA. Through 

standard orchestration templates and automation scripts, businesses are able to remove configuration mismatches which 
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tend to cause failure in the event of a recovery. This standardization facilitates standard Mean Time to Recovery 

(MTTR) performance and recovery behavior within the geographically dispersed plants. 

 

Secondly, modularity provides scalability and flexibility. Practically, modular architecture enables manufacturing 

facilities to add or upgrade failover units in small steps - without interfering with the current operations. In particular, a 

modular automation controller can be configured to have up-time, but upgrade the orchestration logic independently, 

adding new features. 

 

Third, IT and OT (Operational Technology) interoperability is vital. The manufacturing systems are often a 

complicated combination of older PLCs, new IoT sensors, and hybrid cloud systems. The key to this success lies in the 

possibility to connect these heterogeneous systems via APIs, middleware, and standardized communication protocols 

(e.g., OPC UA). 

 

Lastly, machine learning is the core of predictive intelligence, which is the driver of proactive resilience. Predictive 

algorithms are able to produce preemptive orchestration by constantly comparing operational data (e.g., vibration, 

latency, temperature) with patterned system performance, thereby avoiding system failures before they can affect 

production. All these success factors positively make failing over a proactive protection rather than a reactionary one. 

 

Training, Change Management, and Cultural Alignment 

Technology that is not integrated with human adaptation can hardly be sustainable. The implementation of automation 

and AI-driven failover systems in most manufacturing companies faces opposition at the start because of the fear of 

being displaced, the skill shortage, and the lack of knowledge on how to work. 

 

The solution to these barriers is a complex management approach that should be built on communication, upskilling, 

and cultural integration by enterprises. The best implementations entail multi-layered training procedures- including 

technical, procedural and managerial provisions of automation resilience. 

 

The technical personnel, such as engineers and system administrators, should be skilled in dealing with Infrastructure-

as-Code (IaC) settings, monitoring dashboards, and failover orchestration tools. Periodic simulation drills- simulating 

failover- would make the teams develop confidence and reflexes in operations. In the meantime, managerial and 

compliance staff need to be educated to read resilience measures, comprehend risk charts, and utilize automatic audit 

reports. 

 

It is also significant that the culture should be aligned, which means instilling the mentality of seeing automation as an 

enabler, not a replacement. Top manufacturers have chosen a human-in-the-loop style of governance approach, with 

automation being used to provide a quick technical reaction, but human controls giving judgment, morals, and ongoing 

enhancement. 

 

This will develop a collaborative culture in which data scientists, IT administrators, and production engineers are 

involved in the resilience design together. This synergy gradually turns into a full-fledged digital ecosystem which 

respects human knowledge and machine accuracy, which guarantees future continuity and innovation. 

 

Continuous Improvement Framework in Designing a Failover 

The concept of resilience in modern manufacturing is not a constant one, but it is constantly developing due to the 

alteration of technologies, threats, and operational dependencies. Consequently, active failover systems should be 

dynamic systems, which are directed by methodological approaches to continuous evaluation, adaptation, and 

optimization. 

 

An established method of continuous improvement is based on a cycle structure including four steps Assessment, 

Implementation, Validation and Optimization (AIVO). 

 Testing: This step requires conducting end-periodic tests on failover performance indicators which include 

RTO (Recovery Time Objective), RPO (Recovery Point Objective), and percentages of uptime. The objective 

will be to locate systemic choke points, mal performing modules or arising risks. 
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 Implementation: The results of the evaluation stage are reflected in configuration modifications, automation 

rule modifications, and retraining of predictive algorithms. Modular architecture enables rapid implementation 

of improvement without interrupting production. 

 Validation: Each new or changed automation sequence is simulated and has scenario modeling to confirm it 

is accurate, has low latency and is following governance requirements. This will make the resilience gains in 

place as well as auditable. 

 Optimization: Lastly, the knowledge acquired through real-time telemetry and historical data analytics is 

incorporated into the optimization cycle, where it is used to create smarter failover triggers and fewer false 

positives. 

 

It is a systematic cycle that guarantees that manufacturing enterprises mature to greater resilience degrees, reactive 

recovery to predictive prevention. Also, the incorporation of continuous improvement in the failover design is 

consistent with world manufacturing approaches, like Lean, Six Sigma, and total quality management (TQM) which 

focus on iterative excellence. 

 

Incorporating the aspect of improvement will ensure that different enterprises are future-proof against new technologies 

like AI-driven orchestration solutions, digital twins, and edge-native resiliency approaches so that they can stay flexible 

in a world of high change. 

 

 
 

Figure 3: Manufacturing Resilience Maturity Model for Automation-Driven Continuity 

 

Synthesis of Section 7 

Essentially, what is learnt in proactive applications of failovers is reaffirmed in the fact that the actual strength is not 

weakened by the implementation of sophisticated technology, but rather through the combination of automation, 

governance, and human flexibility. The key is technical accuracy, cultural fitness and relentless emphasis on perfection. 

Manufacturers incorporating continuous improvement into their operational DNA turn resilience into a project once or 

once only into an organizational competence, creating operational excellence, customer trust, and digital sustainability 

over the long term. 

 

VIII. FUTURE PROSPECT OF IT RESILIENCE IN MANUFACTURING. 

 

The technological change that is about to take place in the manufacturing sector goes beyond automation and 

computerized control into autonomous resilience. The architecture of failover systems is changing as predictive 

analytics, AI-controlled orchestration, and cyber-physical integration are being transformed into a model of failure self-
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optimization and self-learning, self-adapting, and self-predominant systems. The subsequent subsections cover the 

major technological frontiers defining the next 10 years of manufacturing IT resiliency AI-based predictive 

orchestration, edge-based federated failover, and digital twin simulation. 

 

The proposal is to develop an AI-based predictive orchestration tool that predicts the optimal choices given a specific 

scenario and situation. 

 

AI-Powered Predictive Orchestration 

It is proposed to create an AI-based predictive orchestration tool that forecasts the most suitable decisions under a 

particular scenario and situation. 

 

Artificial intelligence (AI) has emerged as the most important force behind the next-generation failover architecture. 

Unlike conventional automation systems based on established rules, or fixed triggers, AI-based orchestration brings in 

cognitive flexibility, i.e. systems that adapt to operational data and forecast and automatically act due to risk situations. 

AI based resilience models are based on deep learning algorithms which process telemetry in real-time of machines 

sensors, application logs and network traffic. These systems are able to predict disruption before it occurs by detecting 

minor deviations in behavior, including raising the packet latency, not operating at peak efficiency, or mechanical load 

variations. 

 

This anticipatory coordination reflects a paradigm change of reaction to vision. Instead of allowing system failures to 

take place, AI agents can simulate results within a few milliseconds before choosing the most favorable recovery 

pathway, based on probabilities of contextual risks. To illustrate, AI will be used in a smart manufacturing facility to 

dynamically load and unload workloads between cloud and on-premises clusters, before hardware degradation affects 

uptime. 

 

Additionally, the reinforcement learning integration enables the failover mechanisms to keep on enhancing their 

accuracy on the decision they make as they keep improving with time. Every orchestration activity enhances the model 

of learning in the system with an efficient and quicker response in the eventuality. This is where self-healing 

manufacturing environments will ultimately come in since these adaptive mechanisms will eventually be able to reduce 

downtime not only by minimizing it but also by all but eliminating it through predictive prevention. 

 

Federated Failover Systems 8.2 Edge Computing 

With the geographical dispersion of manufacturing processes and the latency sensitivity of the latter, edge computing is 

becoming one of the critical facilitators of real-time resilience. Failover in traditional centralized architectures is 

usually reliant on replication and coordination by remote data centers in the cloud. This however brings in delays, 

network reliance and compliance issues- especially in controlled industrial environments. 

 

The approach to eliminating these limitations is federated failover systems, which are constructed based on edge 

computing networks and decentralize resilience operations. Every production site or edge node has localized failover 

logic which can actively perform real-time recovery without depending on cloud connectivity. This decentralized 

implementation gives sub-second response times and data sovereignty-related needs, particularly valuable in 

jurisdictional industries. 

 

Indicatively, the edge cluster of each plant may have autonomous backup copies of MES and SCADA workloads, and 

aligned by a federated control plane, in a multinational manufacturing network. The edge system uses a local failover to 

recover local node failures and data integrity and synchronize enterprise-recovery status and data integrity in the case of 

node-level or regional outage. 

 

This model is the transformation of a centralized protection resilience to a distributed autonomy resilience, which is 

scalable and agile. It complies with the concepts of Industry 4.0 because it consolidates production, data, and decision-

making at the edge, near the source of operations. With the development of network fabrics to 5G and deterministic 

Ethernet, edge-based failovers will become even faster in synchronization and have a more accurate control of real-

time-continuous manufacturing resilience. 
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Digital Twins to Resilience Testing and Simulation 

One of the transformative changes in manufacturing IT resilience is the concept of integrating the digital twins- virtual 

models of physical systems that provide the possibility of real-time simulation, prediction, as well as optimization. 

Digital twins fill the gap between operational and resilience engineering by enabling businesses to simulate the failure 

of the system without interfering with the real production environments. 

 

Digital twins can also model component failures, data losses, and network outages through high-fidelity modeling and 

test the efficacy of the failover mechanisms in a wide variety of conditions. This predictive sandboxing helps 

organizations to certify their resilience posture, refine orchestration logic, and identify the vulnerabilities even before 

they appear into production. 

 

Moreover, digital twins can suggest optimal recovery plans with AI analytics and historical results and simulated 

scenarios. These virtual systems overtime develop into a self-adaptive resilience tester, which constantly checks system 

behavior and fail-over effectiveness. 

 

There is also improved cross-departmental collaboration by the adoption of digital twins. Resilience planning is 

transparent, and data driven as engineers, IT specialists, and compliance officers can visualize the behavior of failover 

in an interactive model. The strategy is a substitute of the traditional static documentation with dynamic and 

continuously updated resilience intelligence. 

 

As digital twin technology evolves, it will, to a greater extent, go beyond simulation to a participant in the real time 

workings, predicting faults, coordinating failover, and verifying the health of the post-event system. Together with 

federated edge infrastructures and AI-powered orchestration, digital twins will become the brain of the next-generation 

manufacturing continuity frameworks. 

 

Synthesis of Section 8 

Autonomy, intelligence, and decentralization determine the future of manufacturing IT resilience. AI will offer future 

insights and dynamic orchestration; edge computing will offer real-time responsiveness and sovereignty; and digital 

twins will offer a connection between prediction and operational validation. Combined, these innovations will provide 

an ecosystem that is self-healing, self-optimizing, making the process of failover more of a contingency process rather 

than an inherent feature of the industrial systems. 

 

To manufacturing enterprises, the way ahead would certainly be through the adoption of such technologies as strategic 

facilitators of non-stop operations and a way of reshaping not only how systems recover but how they anticipate, 

prevent and develop even beyond failure. 

 

VIII. CONCLUSION 

 

The shift of manufacturing towards automation-based resiliency is one of the most important transformations in an 

attempt to achieve zero-downtime industrial ecosystems. Due to the growing digitization and interconnectivity of 

manufacturing processes with Industry 4.0, the demand to maintain system uptime at all times has turned into a 

technological and strategic necessity. This paper has shown that proactive workflow frameworks, which are driven by 

predictive analytics, automation, and orchestration, are transforming the principles of operational continuity of mission-

critical workloads, including ERP, MES, and SCADA systems. 

 

As compared to the conventional reactive approaches to disaster recovery, which are based on responding to the failure 

thereafter, proactive failover delivers a preventive paradigm, assuming the possible disruption due to real-time data 

intelligence and automated recovery processes. By combining predictive monitoring, AI-driven orchestration, and 

layered, modular automation, enterprises can now identify anomalies, confirm system well-being, and take preemptive 

corrective action - all automatically. This change guarantees low Mean Time to Recovery (MTTR), almost perfect 

uptime, and continuous stream of data over the distributed production systems. 

 

The results and evidence that are brought to the fore by this study emphasize the point that proactive failover is not 

merely a technical boost but a business strategic facilitator. When production downtime can cost a company millions of 

dollars in production and loss of customer loyalty, a few seconds of predicted automation can result in a tangible payoff 
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in costs, time saved and long-term client loyalty. Moreover, the identity of global standards of governance, including 

ISO 22301 and IEC 62443, support the alignment of the failover structures in enhancing operational security and the 

audit preparedness--this places resilience as a competitive advantage of contemporary industrial governance. 

 

Cultural and organizational development is also encouraged due to the shift towards proactive automation. Digital 

manufacturing is continuously maturing, and the enterprises need to understand that resilience is not a single 

implementation but a constant discipline, which should be trained, adaptable, and continuously improved. Including 

self-healing services and data-driven orchestration of enterprise infrastructures, manufacturers develop the culture of 

foresight, whereby a system and a team were taught to foresee and avoid disruption in progress, prior to it. 

 

In the future, the inter-relation of AI-based orchestration, edge computing, and simulated digital twin will transform the 

structure of industrial resilience. These technologies will permit manufacturing ecosystems to become self-optimizing 

entities, the ones that are not only able to recover in the event of a failure but also understand it and implement even 

further changes upon it. With the emergence of this new era of smart automation, proactive failover is the key to 

resilient digital manufacturing that will help to balance operational reliability and strategic innovation. 

 

To sum up, proactive failover is the future of industrial resilience, a smart predictive and adaptive system that will turn 

continuity into a reactive protection mechanism instead of a competitive edge. It goes to make sure that the 

manufacturing enterprises are nimble, sustainable, and trusted further in a world that is becoming more complex, 

interconnected, and data driven. 
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